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™) Yapay Zeka

Bilgisayarlar yardimiyla insan
davramislarinin taklit edilmesidir.

‘s Makine Ogrenmesi
dgl Yapay zekanin alt dalidir, deneyimlerle

modellemeler iizerinden dgrenme saglanir.

Derin Ogrenme

Makine ogreniminin alt dalidir, yapay sinir

aglan lzerinden ogrenme saglanir.
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Pixels of image fed as input
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Classification Object Detection Instance

Classification

+ Localization Segmentation

CAT, DOG, DUCK CAT, DOG, DUCK

%, i
Y

Single object Multiple objects

Figure 1. Examples of pattern recognition operations

Image credit: Cornell University Computer Vision lectures
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FDA approvals - Steady Increase

2024 /////////f;j
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This is a Win-Win-Win Radiology
leads approvals
The Surge in approvals reflects a growing confidence in

the safety and effectiveness of AI/ML technology.

m radiology

m cardiovascular

Patients gain access to cutting-edge tools.

Neuorology

Regulators embrace advancements while ensuring safety. m hematology
Innovators motivated to see the impact = Gastro

others
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v

agXR

Jane Doe | Patient ID: 1A0012345 ® (]

STUDIES <« REPORTING

&

VISIT 3 | 22.02.2022

Al for Blazing Fast

Screened by qure.ai
5:01 QER OVERLAY
-

Study result: Positive

[ d »
R Opacity is observed in both lung
\ fields

Pleura is normal

The Heart is normal
36 [opect P Both hila appear normal
e s a ys : Bony thorax appears”
gy 22022022 ChestX-Ray
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Jane Dae | 56F

Channel Viewer

‘ Schedule a Demo ‘

Edit Report




Want to learn more about Lunit Al Solutions? Let's connect! &elj|EIed8IS

@ Lunit’ Radiology ¥  Oncology v  Publications  Investors v Careers v AboutUs v

@ Lunit INSIGHT CXR

Al Solution for Chest X-ray

Proven accuracy leading to complete efficiency




Control
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Pan Adjust  Reset

Classification
Please classify this case

Abnormal Normal




C M 2% vuno.co/en/lung

VUQAQO About VUNO  Products  News  Publications  Career Submit Inquiries KR | EN

Home [ Products /| VUNOMed [ LungCT Al

VUNO Med®-LungCT Al™

@ VUNO Med-LungCT Al

VUNO Med-LungCT Al detects nodules
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N o d takibinde:

Rad Al Announces $60M Series C & Read More Here —

$ Rad Al REQUEST DEMO

RAD Al REPORTING

Speak Less, Say More with Rad Al's
radiology reporting software

Experience a breakthrough with radiology reporting software that builds on Rad Al's
leadership in generative Al. Reduce dictation times by up to 50% and words dictated
by up to 90%.

REQUEST DEMO




I TOAESN) y2RNfft SNA @S AYyUuUSNBROAAESE | 1TOAESNI KFadlt Pt
Newsroom | ZebraBlog | Careers | @ United Kingdom - English v | Login | Re

Q\ﬁ‘.ZEBRA Industry v Hardware v Software v Services v Support and Downloads v Partners v Search Q CONTACT ZEBH

Zebra Software Suite > Al Software

Al for the Frontline

With Zebra’s Al solutions, companies can unlock the potential of their frontline
operations, harnessing the power of automation to make better business decisions.

Zebra’s Al opens up a world of possibilities, making work for the frontline better every
day.

18



AAnnaliseCXRMH N FEFENJEP F1TOAESNI LI G2¢F 22A

Experience comprehensive Al for medical imaging

@ View sample studies éb Upload your own images

Motor vehicle

Outpatient screenin ? Routine post-o
accident P g > ' P P
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PE algorithm
iPE Algorithm

RV/LV Ratio Algorithm
DVT Algorithm

IVC Filter Algorithm

Triage and Notification
Algorithms

Worklist and PACS-agnostic image-based algorithms for
pulmonary embolism (PE), incidental pulmonary
embolism (iPE) and RV/LV measurement, plus an
ultrasound text-based algorithm for deep vein thrombosis
(DVT).*

*PE and iPE algorithms are FDA-cleared image-based algorithms
available in the Aidoc briefcase. RV/LV ratio output supplied by Aidoc

partner Imbio.
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11:00

) A
Suspected PE findings

9109486018496928 - 51V, M
CBA Healthcare Institution

Mobile PERT Alert

11:00

Marvin McKinney

Mobile Image Viewer

11:00

Marvin McKinney

Largest Right Ventricular Diameter
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RV/LV Ratio-Based Risk

Stratification

11:00

Marvin McKinney

Heart Rate Monitored

Systolic Blood Pressure

Diastolic Blood Pressure

Vasopressor support

Oxygen delivery

D-Dimer

Troponin

11:00

Marvin McKinney

Patient is comfortable on 2
L/min 02

Does this patient have any
Room air ~ bleeding concerns?

Jo

No history of any bleeding
concerns

EHR Integration With Cross-Departmental Chat
Labs/Vitals
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1+ Research - September 19, 2025

[Cough frequency monitoring: current technologies and clinical research

applications].

['Xie JX', 'Lai KF']
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nature communications 8

Article https://doi.org/10.1038/s41467-023-39631-x

Opportunistic detection of type 2 diabetes
using deep learning from frontal chest
radiographs

Article https://doi.org/10.1038/s41467-023-39631-x




Cardiology and Heart Surgery

First Al Deep Learning Tool to Detect

Heart Failure on Chest X-Rays
Outperforms Radiologists

Deep learning for the assessment of chest X-rays

Data Model architecture
preprocessi and prediction

Original image Processed image
v
Conv2d
BatchNorm2d
RelU
MaxPool2d
v

TransitionLayer1
v

DenseBlock2
‘ TransitionLayer2
v
Downsample 224 by 224 ¢ DenseBlock3
TransitionLayer3
v

DenseBlock4
v

Global average pooling

—

DenseBlocki deep learning process graphic

Age, Sex encoded  ( Image repi
‘ v

Adaptive histogram
equalization
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Al model performance
versus radiologists

AUROC
Sensitivity
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00 02 04 06 08 10
1 - Specificity

== Composite SLVH/DLV, AUC: 0.79
@ Chest fellow
General attending
@ Chest attending
X Consensus of human readers

S e
T
Al model outperforms 15 individual

radiologists and their consensus vote
on the task of identifying left
ventricular structural abnormalities
from chest X-rays



A Apple Watch, Fitbit, Xiaomi
Bandgibi cihazlar ile oksijen
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.. Polisomnografierilerinin Al ile analizi

.« Al ile evde uyku apnesi tarama sistemleri

.~ Uyku Apnesinin Tespiti

.~ Uyku Evrelerinin Analizi ve Otomatik Skorlama
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in bed
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& settings

7 DEC 2018

~

Pillow

| OS ci hazlar 1 -1 n tasarl alnmeéck uygul ama, Appl
I 1l e entegre -al ékarak uyk mat i
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SleepTracker -Uy ku Kayeéet SnoreLab

Ki ki sel uyku asi st ané o Halama keviyemzi kayedenve agaliz edden buu y g
uyku d°nge¢negze 1zl er, hoygamam&ayhder yamarabekkg
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ASYOD

DIJITAL SAGLIK
BiLIM KURULU

Obstruktif Uyku Apnesinin Tanisi ve Siddetinin
Tahmini Icin Makine Ogrenimi Tabanli Bir
Tarama Modeli

Neslihan Ozgelik! , Emre Bendes'*, Ali Erdem Ozgelik!3, Elvan Sentiirk Topaloglu! , Songiil Ozyurt! , Mehmet Karadag?®, Ozge Aydin Giigli® , Merve Nur

Yildiz® , Hadice Selimoglu Sen?, Aleyna Yetkin®, Burcu Baran Ketencioglu®, Onder Oztiirk® , Hilal Tarkmen Kaya®, Nurhan Sanoglu? , Mustafa Colak? ,

Muhammet Emin Akkoyunlu®, Abdullah Kansu® , Abdurrahman Kotan®, Fatma Gllsim Karakas® , Yilmaz Bllbul'?, Sibel Dogrul!, Aziz Gumis', Gizem

Ozcibik 1sik12 | Omer Topaloglu? , Bilge Yilmaz Karal , Unal Sahint

A 10 merkezden 1954 hasta 05

Normal (AUC = 0.9546)
Mild (AUC = 0.8919)
Moderate (AUC = 0.9588)
Severe (AUC = 0.9105)

nde

Mo d el performansénén defjzge
A (AUC) 0.97
A PPD %97.56 £ 0 )
ANPD %87.11

0.6 0.8

False Positive Rate
Figure 3. Receiver Operating Characteristic (ROC) Curve of classes.
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Klinik Karar Destek Sistemleri
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New Al Models Transforming Healthcare
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@NeyimVar?

}X{ Tirkce Vv

Sorulari Cevaplayiniz

NeyimVar uygulamasi ne ise yarar?

Girdiginiz sikayetlerinizi degerlendirerek sizin
dogru bransa yonlendirilmenizi saglar.

@tﬁr‘kiye-gg_!.ﬁ!:—

Girdiginiz sikayetlerle iliskili, sistemin size NeyimVar Sistemine Nasil Giris Yaparim?
SO rd ugu soru Ia ri ceva p Iayl NniZ. Sisteme giriste kimlik dogrulama e-Nabiz veya e-

Devlet tzerinden yapilmaktadir.

NeyimVar T.C. Saglik Bakanhgi uygulamasidir.



ZN\lavirm\~r?

Tanit T . .
J} e anim Nefes alip verirken hirilti(hisilti) sesi
sikayet sikayetler duyuluyor mu?
| Sorular

4 b 4 =

Evet Hayir Bilmiyorum

Bu soruyla ilgili bir sorun varsa bize bildirin

< Geri



